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Madagascar reports few measles cases annually and high vaccination campaign coverage. However, the underlying
age profile of immunity and risk of a measles outbreak is unknown. We conducted a nested serological survey, testing
1,005 serum samples (collected between November 2013 and December 2015 viaMadagascar’s febrile rash surveillance
system) for measles immunoglobulin G antibody titers. We directly estimated the age profile of immunity and compared
these estimates with indirect estimates based on a birth cohort model of vaccination coverage and natural infection. Com-
bining these estimates of the age profile of immunity in the population with an age-structured model of transmission, we
further predicted the risk of a measles outbreak and the impact of mitigation strategies designed around supplementary
immunization activities. The direct and indirect estimates of age-specific seroprevalence show that current measles sus-
ceptibility is over 10%, andmodeling suggests thatMadagascarmay be at risk of amajormeasles epidemic.

Madagascar; measles; rubella; serological survey; surveillance

Abbreviations: IgG, Immunoglobulin G; SIA, supplementary immunization activities; WHO,World Health Organization.

Measles is a highly infectious disease that is preventable with
a safe, effective, and inexpensive vaccine (1). The World Health
Organization (WHO) African Region aims to eliminate measles
by 2020 (2, 3). Many of these countries currently achieve high
vaccination coverage rates via routine and supplementary immu-
nization activities (SIAs)—periodic vaccination campaigns for
targeted age ranges (2). Nonetheless, measles transmission con-
tinues, and the WHO African Region has the highest reported
incidence, with 27.9 incident cases per 1 million population in
2016 (2).

Routine measles immunization began in Madagascar in 1985.
Although vaccination coverage remained low through the 1980s
and 1990s (4), progress in reducing measles incidence has
occurred since 2004, in part as a result of regularly implemented
SIAs occurring at 3–5 year intervals (5).Measles cases reported to
the WHO show a sharp drop since 2004, from tens of thousands
of cases annually to fewer than 10 cases per year (6). Madagascar
is one of 19 WHO African Region countries where minimal sur-
veillance targets have been met, including investigating ≥2 cases

of non-measles febrile-rash illness per 100,000 population annu-
ally and obtaining a blood specimen from ≥1 suspected measles
case in≥80%of districts annually (2).

Measles incidence inMadagascar is reportedly low, SIA cover-
age is reportedly high, and surveillance targets are being met;
however, uncertainty as to the success of the measles program re-
mains. Settings with low transmission and low routine coverage
(<95%), such as Madagascar, may experience a “honeymoon
period” in which individuals who were missed by vaccination
programs escape infection as a result of reduced transmission, and
thus susceptible individuals can accumulate (7). If additional vac-
cination campaigns are not routinely implemented, this accumula-
tion of susceptible individuals may exceed a critical threshold,
which can result in disease outbreaks (7, 8). Identifying a coun-
try’s risk for a measles outbreak following a period of low trans-
mission requires knowledge of the underlying age profile of
susceptibility, which shapes outbreak potential.

Readily available epidemiologic data, including vaccination
coverage and case surveillance data, can be used to indirectly
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infer population immunity. However, inaccurate or incomplete
data sources can result in biased estimates of susceptibility (9–11).
Outbreaks have occurred after the “honeymoon period” in several
WHOAfrican Region countries despite low estimates of sus-
ceptibility based on high reported vaccination coverage (12–15).
To mitigate issues associated with indirect estimates of population
susceptibility, serological surveys (the detection of antigen-specific
antibodies in a population) can provide a direct measurement
of immunity (16, 17) and may refine estimates of measles age-
specific seroprevalence.

The age profile of immunity can be used to characterize a coun-
try’s risk of a measles outbreak, but achieving this also requires
accounting for potentially complex transmission dynamics and
their variability across age. Mathematical models are a powerful
tool for exploring outbreak risk and optimal design for vaccination
mitigation strategies (18–20), by allowing us to track individual
movement through age or epidemiologic stages while accounting
for nonlinearities in transmission dynamics that might be counter-
intuitive (21).

In the present study, we conducted a nested immunoglobulin
G (IgG) serological survey by testing existing serum samples
from the febrile-rash surveillance system in Madagascar to
directly measure the age distribution of immunity (16, 17). Given
the potential for external validity bias, because the serum samples
were passively collected,we assessed sampling variability accord-
ing to age and space, and we compared our direct estimates of the
age-specific profile of immunity from serological data with indi-
rect estimates based on a birth cohort projectionmethod that takes
into account natural and vaccine-derived immunity (22). Building
on these direct estimates of the age profile of immunity, we used
an age-structured mathematical model to explore the capability of
different SIA strategies, including the most recent SIA adminis-
tered, to contain the risk of ameasles outbreak inMadagascar.

METHODS

Data collection and testing protocol

Serum samples were obtained fromMadagascar’s national sur-
veillance system for measles and rubella. Standard protocol
requires that when a patient presents for care with symptoms
meeting the clinical criteria for measles (fever and rash and
either cough, corzya, or conjunctivitis), the patients’ serum is col-
lected and sent to the WHO national reference laboratory located
at the Institut Pasteur deMadagascar. At Institut Pasteur deMada-
gascar, the serum is tested formeasles-specific and rubella-specific
immunoglobulinM antibodies to detect a recent infection. Any re-
maining serum is stored at Institut Pasteur deMadagascar.

In 2016, we tested serum collected between November 2004
and November 2015 for measles-specific IgG antibodies with
an indirect ELISA test (Enzygnost Anti-Measles Virus/IgG; Sie-
mens, Erlangen, Germany). IgG antibodies are a marker of past
exposure (either to measles natural infection or vaccination) and
represent immunity. Quantitative results, in mIU/mL, were ob-
tained from IgG testing, based on a sensitivity of 90% and
specificity of 100% (23). Measles seropositivity was defined
as IgG antibody concentration greater than 200 mIU/mL per
assay manufacturer’s instructions. Due to potential nonrandom
misclassification bias related to serum testing error and waning
humoral immunity (i.e., cell-mediated immunity may still play a

role even if an individual tests seronegative (24)), seropreva-
lence does not perfectly map to measles immunity. However, to
simplify the analysis we assumed that these were equal.

Data sample size

We excluded the febrile-rash serum samples collected prior to
and during the October 2013 SIA (November 2004–October
2013) in order to estimate the most recent age-specific seroprofile
and avoid biasing our estimates of age-specific seroprevalence due
to sharp shifts in seroprevalence among the 2013 SIA-targeted age
groups. A total of 1,123 samples were collected from November
2013 to December 2015. By grouping the recent 26 months, we
assume monotonic increases in immunity (natural and vaccinal)
over age during this time; this assumption likely holds for natural
immunity given low transmission (2) aswell as for vaccinal immu-
nity, because vaccination coverage is unlikely to have declined
substantially in this time-frame, so our analysis should be robust to
this assumption.

Of the 1,123 samples collected between November 2013 and
December 2015, 20 samples did not contain enough serum to test
for measles IgG antibodies, and were removed from the analysis.
Samples were also removed if the patients’ age in years was
unknown (3 samples). We removed 17 samples that tested mea-
sles immunoglobulin M positive to reduce oversampling of mea-
sles seropositive individuals via natural infection that resulted
from sampling via febrile-rash surveillance. Samples considered
IgG-antibody equivocal (antibody concentration between 100 and
200 mIU/mL) were retested; those that remained equivocal (78
samples) were removed from the analysis, although we also con-
ducted a sensitivity analysis assuming equivocal tests were sero-
negative. A total of 1,005 samples were used to estimate current
age-specific seroprevalence.

Characterization of the data

Identifying sampling biases by age and location is key to
understanding the external validity of the data to characterize age-
specific seroprevalence. We compared the proportion of samples
according to agewith the expected proportion according toUnited
Nations Population Division estimates (25). We also investigated
the degree towhich the 1,005 febrile-rash sampleswere generaliz-
able across space, and we assessed the potential of heterogeneous
spatial sampling to bias our estimates of measles seroprevalence
by comparing spatial variation in sampling with spatial variation
in inferred vaccinal immunity. We did not assess potential spatial
variation in naturally acquired immunity because: 1) Evidence
suggests that recent transmission is low; 2) we removed immuno-
globulin M measles-positive cases to reduce this bias; and 3) the
immunoglobulinM incidence data is insufficient in sample size to
assess spatial differences.

Estimates of proportion seropositive according to age

We directly estimated seroprevalence according to age from
the IgG serological data using a nonparametric model with local
polynomial estimators, given its flexibility in allowing nonmono-
tonicity (“locfit” library (26) in R (R Foundation for Statistical
Computing, Vienna, Austria)) (16) (see Web Appendix 1, Web
Figure 1, available at https://academic.oup.com/aje for details).
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The estimated total population proportion seropositive was age-
adjusted usingMadagascar’s 2015 population age structure (25).

We compared our direct empirical estimates of age-specific
seroprevalence with indirect estimates of the age profile of immu-
nity. The indirectmethod, developed by Takahashi et al. (22), esti-
mates the proportion of each birth cohort that is immune based on
routine immunization, SIAs, and natural infection. We estimated
the proportion of each birth cohort vaccinated from each vaccina-
tion opportunity, routine vaccination or SIA, according to WHO
coverage estimates (4), and estimated the fraction of natural infec-
tion over time from estimated measles incidence extracted from
Simons et al. (27) (see Web Appendix 2, Web Tables 1 and 2,
Web Figure 2 for details).

Exploring the effect of measles SIA scenarios

We assessed the impact of 16 different SIA scenarios by sim-
ulating the administration of each SIA (taking into account vac-
cination effectiveness) to Madagascar’s population, assuming
age-specific susceptibility reflected the direct estimates based on
the serological data. SIA scenarios differed according to the
targeted upper age and the assumed vaccination coverage. We
included the age group that was targeted by the 2016 SIA, which
was conducted after data collection (ages 9 months through 4
years) (5); a typically targeted age group (ages 9 months through
14 years); and 2 nonclassically targeted age groups (ages 9
months through 9 years and 9months through 19 years). For each
scenario, we analyzed an upper and lower bound of potential vac-
cination campaign coverage (70% and 95%, based on Madagas-
car’s reported range from WHO (5), but setting the maximum to
95% despite reports exceeding 100% due to known overreporting
issues using administrative data (10)). Simulated SIAs assumed
independence between SIA vaccination and prior immunity (i.e.,
all individuals in the target age range had an equal probability of
being vaccination by the SIA regardless of immunity status). We
assumed that SIA vaccine effectiveness by age followed a logistic
function modeled on data from Boulianne et al. (28), saturating at
97%, and that there was no correlation between prior immunity
and SIA vaccination.

We used 4 approaches to evaluate the impact of each SIA sce-
nario. First, we compared estimated population susceptibility lev-
els after the SIA with the theoretical susceptibility threshold for
elimination. In an unstructured population, the critical immunity
threshold ( )pc required to achieve herd immunity is defined as

= − ( )p R1 1/c 0 (29), whereR0 is the basic reproductive number
evaluated at 10, 15, and 20 (30); the susceptibility threshold is its
complement ( − )p1 c . The critical immunity threshold does not
account for the pattern of transmission and immunity over age.
Therefore, we additionally estimated the effective reproductive
number, Reff, after the SIA (assuming assortative age contacts fol-
lowing Mossong et al. (31)) and compared this with the elimina-
tion threshold of 1 (30). Reff is the average number of secondary
cases per typical infected individual, here estimated using next-
generation techniques to account for age-specific patterns (32).

The third SIA evaluation approach compared the estimated
number of measles cases after the SIAwith the estimated number
of cases for the condition in which no SIAwas implemented.We
used a discrete-time, deterministic, age-structured mathematical
model to simulate Madagascar’s measles transmission dynamics,
with and without SIA, following the introduction of an infected

individual. Finally, we estimated the number of vaccine doses
needed to vaccinate 1 susceptible individual, accounting for vac-
cine effectiveness according to Boulianne et al. (28) and account-
ing for the fact that SIAs target all individuals within an age target
regardless of their immunity status. SeeWeb Appendices 3 and 4
for details on scenario evaluation and the age-structured model,
respectively.

RESULTS

Data characterization

Of the 1,005 samples, we found that individuals less than 15
years oldwere oversampled (Figure 1A), likely because age is sig-
nificantly associated with measles seroprevalence (33). Estimated
total population immunitywas accordingly adjusted for age.

Figure 1B shows evidence of spatial sampling bias: Some re-
gions (tinted red) were oversampled and other regions (tinted
purple) undersampled. However, we found that variation in vacci-
nation coveragewas unlikely to be an important driver of variation
in the number of samples per region because the sampling ratio by
region (Figure 1B) and the vaccination ratio by region (Figure 1C)
were not correlated (seeWebAppendix 5,Web Figure 3).

Age-specificmeasles susceptibility profiles

Direct and indirect estimates of immunity differed over age
(Figure 2; see Web Appendix 6 and Web Figure 4 for sensitivity
analysis assuming equivocal tests were seronegative). The blue
line and shaded light blue area represent the mean and 95% confi-
dence interval of direct estimates of the age profile of immunityfit-
ted to serological data. Over age 40 years, everyone sampled
tested seropositive for measles. Prior to this age, there was a gen-
eral increase in the proportion of individuals seropositive over age
with an exception around age 13 years, where there was a drop in
immunity. The indirect method, represented by the green dashed
line, estimated 95% immunity among ages 8–26 years, as a result
of routine measles vaccination and frequent SIAs, and a large
pocket of susceptible individuals aged 27–32 years. This encom-
passes individuals who were not eligible for any SIAs, who were
exposed to low estimated routine coverage during childhood and,
for those individuals missed by the routine vaccine, were poten-
tially also exposed to lowmeasles transmission throughout their
childhood and adolescence via indirect protection (see Web
Appendix 2 for details on how past transmission was discounted
during vaccination years).

Despite differences in direct and indirect estimates of immunity
by age, both suggested overall high population susceptibility in
Madagascar as of 2015. Using the direct method, we estimated
that 83.2% of Madagascar’s current population was immune to
measles (95% confidence interval: 74.7, 87.7). The indirect esti-
mate of the proportion immune (88.9%) fell just outside the 95%
confidence interval. Both imply that population immunity in Ma-
dagascar is below the simple unstructured estimate of the critical
threshold for herd immunity (90%–95%) (3). Additionally,
direct estimates of Reff surpass the elimination threshold of 1
(range, 1.7–6.0; Figure 3A–3C, black squares). These results
suggest that Madagascar may be at risk of a significant mea-
sles outbreak (34, 35).
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The effect of measles SIA scenarios

The SIA conducted in late 2016 among children aged up to 4
years may have been insufficient to reduce the risk of a measles
outbreak in Madagascar given that our estimates of Reff remains
above 1 after the SIA (Figure 3A–3C, purple lines). Themodel in-
dicates that, if a measles outbreak were to start, measles cases
would be reduced by at most 29.2%with the designed SIA, com-
paredwith the condition inwhich no SIAwas administered. Over-
all, extending the vaccination campaign to include more ages
would result in a larger reduction in the proportion of susceptible
individuals and a lower Reff (Figure 3A–3C). Our analysis sug-
gests that SIA campaigns targeting children aged 9 months old
through 14 years best balance cases prevented per vaccine dose
administered and total case numbers; this would successfully
vaccinate a susceptible person per every 3–5 doses delivered and
would reduce the number of measles cases in a measles outbreak
by between 66% and 100%, depending onR0 and the true starting
age immunity profile (Figure 3D–3F). This finding is the result of
the unusual gap in measles immunity directly estimated between
ages 10 and 15 years (Figure 2). These results were qualitatively
robust to assuming an age-contactmatrix reflecting the 6 countries
assessed in the European POLYMODdiary study (31).

Assuming that R0 was 20 resulted in general agreement
between the 2 elimination thresholds (proportion susceptible
<( − )p1 c and Reff < 1) in their evaluation of the impact of SIA
scenarios (Figure 3C). However, for lower values of R0 (10 and
15), we found scenarios in which the estimated Reff was greater
than 1 after the SIA, even though the population proportion sus-
ceptiblewas less than ( − )p1 c after the SIA (Figure 3A and 3B).

DISCUSSION

Over the past decade, Madagascar has reported low numbers
of measles cases and high SIA vaccination coverage, but how
this translates into population immunity and its pattern over age
has not, to our knowledge, previously been described. Serologi-
cal data can be used to directly estimate the age-specific sero-
prevalence and discern whether susceptibility remains below
the theoretical critical threshold to sustain elimination or whether
the population is at risk of a measles outbreak (16, 36, 37). In the
present study,we leveraged existing serum samples by conducting
a nested serosurvey within Madagascar’s febrile-rash surveillance
system, avoiding the financially and logistically challenging fea-
tures of a nationally representative serosurvey (38). Age-structured
mathematical models, in combinationwith age-specific seropreva-
lence estimates, were then used to explore the impact of different
SIA designs to contain the risk of ameasles outbreak (39, 40).

Neither our direct or indirect estimates can be validated as true;
the former is affected by the fact that a sample based on passive
febrile-rash surveillance is potentially nonrepresentative, and the
latter is affected by uncertainty and known biases in vaccination
coverage data (10) and incidence data (27). However, both the
indirect and direct estimates suggested thatMadagascar may be at
risk of ameasles outbreak (29, 34, 35, 41).

The differences in the age profiles of immunity between the
methods highlight gaps in our understanding of vaccination pro-
grams. In particular, direct estimates obtained from the serological
data suggested that the 2004 SIA was heterogeneously applied
across ages, an important and yet rarely described feature of this

type of intervention. Peak vaccination coverage of the 2004 SIA
appears to have been achieved for childrenwhose agewas around
the middle of the target age range, and was lower for children at
the bottom and top of the target age ranges. The direct estimates
also showed no increased probability of being immune in children
targeted by the 2007 SIA, potentially suggesting overestimated
SIA coverage. Madagascar experienced a political crisis in 2009
that may have hindered routine measles vaccination, potentially
explaining the beginning of a decline in immunity after age 5
years as of 2015.

Our analysis also provides an important window into evaluat-
ing recentmeasles immunization policy.Madagascar conducted a
measles SIA in October 2016 among children aged 9 months
through 59 months, with reported 96% coverage (5). While our
model assumed spatial homogeneity in R0 and that individuals
were well-mixed across Madagascar (given that necessary data to
estimate this was not available), so that measles outbreak size will
be overestimated, differences relative to the absence of a cam-
paign are likely to be broadly informative of SIA impact. Our re-
sults suggested that the 2016 SIA was insufficient to reduce the
risk of a measles outbreak given high estimated susceptibility
among ages outside the target age range. Rather, SIAs targeting
children through age 14 years would further decrease potential
outbreak size while successfully vaccinating the most susceptible
individuals per dose delivered. Fortunately, there is an opportunity
to conduct a campaign of this magnitude in the near future.Mada-
gascar is considering introduction of the rubella-containing vac-
cinewhich, if eligible for financial support fromGavi, theVaccine
Alliance, would include a measles-rubella vaccination campaign
targeting children aged 9months through 14 years (42).

In order to explore the relevance of heterogeneous age immu-
nity and transmission on the effect of SIAs, we compared 2 differ-
ent elimination thresholds (proportion susceptible<( − )p1 c and
Reff < 1) and found that age-specific transmission increasingly
affected outbreak potential asmeasles transmission (R0) decreased.
In Madagascar, evidence suggests that the R0 for measles may in
fact be low (10–15), given high estimated measles susceptibility
and inferred low transmission. Therefore, age-specific transmis-
sion may play a significant role in understanding and maintaining
measles elimination inMadagascar. This result may also be more
broadly applicable in settings where successful vaccination pro-
grams have reduced measles transmission, such that finer-scale
age-contact data and analysis may be required to achieve appro-
priate targeting as countriesmove closer to elimination.

There are a number of limitations and assumptions in this analy-
sis. The nonprobability sample via the febrile-rash passive sur-
veillance system may misrepresent measles seroprevalence at the
country level. For example, following vaccination, up to 5%of in-
dividuals may experience transient fever or rash (43), such that
febrile-rash surveillance may oversample measles-vaccinated in-
dividuals, biasing seroprevalence estimates upwards. Nongenera-
lizability of serological samples collected and sent for testing may
also play a role in biasing estimates of measles immunity. A prob-
lematic systematic bias might emerge if health-care workers used
knowledge of a patients’ past vaccination record (via recall or vac-
cination card) to inform their diagnosis and decision to collect and
send serological samples, rather than abiding by the febrile-rash
surveillance guidelines. This would result in fewer samples from
vaccinated individuals and a potential overestimation of measles
susceptibility inMadagascar.
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In this analysis, we corrected for age sampling bias by age-
adjusting estimates of population susceptibility. However, we are
unable to correct for age bias if undersampling of older indivi-
duals resulted in insufficient power to correctly estimate measles
immunity for these ages. We additionally assessed the potential
for spatial sampling bias on estimates of the age profile of vaccinal
immunity. We found that the febrile-rash surveillance system
sampled vaccination coverage and connected areas representa-
tively across regions on average, suggesting this may not be an
important source of bias. To our knowledge, the present study is
the first to demonstrate the use of a nested IgG serosurvey within
febrile-rash surveillance systems to assess population immunity.
However, much work remains to assess the external validity of
this data source.

Measles IgG serological surveys provide a direct measure of an
age immunity profile to identify susceptible ages and inform the
need for SIAs. Despite age-specific differences in seroprevalence,
both our direct and indirect estimates of total proportion immune
suggested high measles susceptibility as of 2015. Building on
these direct estimates by modeling measles transmission dynam-
ics and their variability across age, our simulated results suggest
that Madagascar is at risk of a measles outbreak. Madagascar’s
measles control programmust remain vigilant to reduce the num-
ber of susceptible individuals via vaccination and reduce the risk
of outbreaks.

ACKNOWLEDGMENTS

Author affiliations: Department of Epidemiology, Johns
Hopkins Bloomberg School of Public Health, Baltimore,
Maryland (Amy K.Winter, Amy P. Wesolowski, Justin
Lessler); Princeton Environmental Institute, Princeton
University, Princeton, New Jersey (Keitly J. Mensah);
Virology Unit, Institut Pasteur de Madagascar,
Antananarivo, Madagascar (Miora Bruna
Ramamonjiharisoa, Andrianmasina Herivelo
Randriamanantena, Richter Razafindratsimandresy, Jean-
Michel Héraud); Mathematical Modeling of Infectious
Diseases Unit, Institut Pasteur, Paris, France (Simon
Cauchemez); Intercollege Graduate Degree Program in
Ecology, Pennsylvania State University, University Park,
Pennsylvania (Matt J. Ferrari); and Department of Ecology
and Evolutionary Biology, Princeton University, Princeton,
New Jersey (C. Jess E. Metcalf).

This work was funded by the Bill andMelinda Gates
Foundation (grant OPP1094793) and theWellcome Trust
(grant 106866/Z/15/Z).

We thank the staff of the Direction of the Expanded
Program on Immunization from the Malagasy Ministry of
Public Health, for their dedicated work toward measles
immunization, and all staff of the health sector involved in
measles surveillance. We also thank all the staff from the
World Health Organization national reference lab at Institut
Pasteur de Madagascar for their work regarding testing and
database sharing.

Conflict of interest: none declared.

REFERENCES

1. Plotkin S, OrensteinW, Offit P eds. Vaccines. 6th ed.
Philadelphia, PA: Elsvier; 2013.

2. Masresha BG, DixonMG, Kriss JL. Progress toward measles
elimination—African Region, 2013–2016.MMWRMorb
Mortal Wkly Rep. 2017;66(17):436–443.

3. World Health Organization. Measles vaccines: WHO position
paper.Wkly Epidemiol Rec. 2009;84(35):349–360.

4. World Health Organization. Data, statistics and graphics, 4.5:
WHO/UNICEF Estimates of National Immunization Coverage
(WUENIC) [estimates for 1980 to 2016]. http://www.who.int/
immunization/monitoring_surveillance/data/en/. Accessed
May 21, 2018.

5. World Health Organization. Data, statistics and graphics:
Retrospective Measles Data on Supplementary Immunization
Activities, 2000–2015. http://www.who.int/immunization/
monitoring_surveillance/data/en/. AccessedMay 21, 2018.

6. World Health Organization. WHO vaccine-preventable
diseases: monitoring system. Global summary—Incidence
time series for Madagascar (MDG). http://apps.who.int/
immunization_monitoring/globalsummary/incidences?c=
MDG. Updated June 1, 2018. Accessed September 1, 2007.

7. McLean AR. After the honeymoon in measles control. Lancet.
1995;345(8945):272.

8. Verguet S, Johri M, Morris SK, et al. Controlling measles
using supplemental immunization activities: a mathematical
model to inform optimal policy. Vaccine. 2015;33(10):
1291–1296.

9. Cutts FT, HansonM. Seroepidemiology: an underused tool for
designing and monitoring vaccination programmes in low- and
middle-income countries. Trop Med Int Health. 2016;21(9):
1086–1098.

10. Cutts FT, Izurieta HS, Rhoda DA.Measuring coverage in
MNCH: design, implementation, and interpretation challenges
associated with tracking vaccination coverage using household
surveys. PLoSMed. 2013;10(5):e1001404.

11. Lessler J, Metcalf CJ, Grais RF, et al. Measuring the
performance of vaccination programs using cross-sectional
surveys: a likelihood framework and retrospective analysis.
PLoSMed. 2011;8(10):e1001110.

12. Centers for Disease Control and Prevention. Measles outbreaks
and progress toward measles preelimination—African region,
2009–2010.MMWRMorb Mortal Wkly Rep. 2011;60(12):
374–378.

13. Minetti A, Kagoli M, Katsulukuta A, et al. Lessons and
challenges for measles control from unexpected large outbreak,
Malawi. Emerg Infect Dis. 2013;19(2):202–209.

14. Kidd S, Ouedraogo B, Kambire C, et al. Measles outbreak in
Burkina Faso, 2009: a case-control study to determine risk
factors and estimate vaccine effectiveness. Vaccine. 2012;
30(33):5000–5008.

15. Luquero FJ, Pham-Orsetti H, Cummings DA, et al. A long-
lasting measles epidemic in Maroua, Cameroon 2008–2009:
mass vaccination as response to the epidemic. J Infect Dis.
2011;204(Suppl 1):S243–S251.

16. Hens N, Shkedy Z, AertsM, et al.Modeling Infectious Disease
Parameters Based on Serological and Social Contact Data: a
Modern Statistical Perspective. NewYork, NY: Springer; 2012.

17. Metcalf CJ, Farrar J, Cutts FT, et al. Use of serological surveys
to generate key insights into the changing global landscape of
infectious disease. Lancet. 2016;388(10045):728–730.

18. Trentini F, Poletti P, Merler S, et al. Measles immunity gaps
and the progress towards elimination: a multi-country

Am J Epidemiol. 2018;187(10):2219–2226

Measles Outbreak Risk in Madagascar 2225

http://www.who.int/immunization/monitoring_surveillance/data/en/
http://www.who.int/immunization/monitoring_surveillance/data/en/
http://www.who.int/immunization/monitoring_surveillance/data/en/
http://www.who.int/immunization/monitoring_surveillance/data/en/
http://apps.who.int/immunization_monitoring/globalsummary/incidences?c=MDG
http://apps.who.int/immunization_monitoring/globalsummary/incidences?c=MDG
http://apps.who.int/immunization_monitoring/globalsummary/incidences?c=MDG


modelling analysis. Lancet Infect Dis. 2017;17(10):
1089–1097.

19. Massad E, Burattini MN, de Azevedo Neto RS, et al. A model-
based design of a vaccination strategy against rubella in a non-
immunized community of Sao Paulo State, Brazil. Epidemiol
Infect. 1994;112(3):579–594.

20. Prada JM,Metcalf CJE, Takahashi S, et al. Demographics,
epidemiology and the impact of vaccination campaigns in a
measles-free world—Can elimination be maintained? Vaccine.
2017;35(11):1488–1493.

21. Heesterbeek H, Anderson RM, Andreasen V, et al. Modeling
infectious disease dynamics in the complex landscape of global
health. Science. 2015;347(6227):aaa4339.

22. Takahashi S, Metcalf CJ, Ferrari MJ, et al. Reduced
vaccination and the risk of measles and other childhood
infections post-Ebola. Science. 2015;347(6227):1240–1242.

23. Cohen BJ, Parry RP, Doblas D, et al. Measles immunity
testing: comparison of two measles IgG ELISAs with plaque
reduction neutralisation assay. J Virol Methods. 2006;131(2):
209–212.

24. Ruckdeschel JC, Graziano KD, MardineyMR, et al.
Additional evidence that the cell-associated immune system is
the primary host defense against measles (rubeola).Cell
Immunol. 1975;17(1):11–18.

25. United Nations. World Population Prospects: The 2015
Revision, DVD Edition. http://www.un.org/en/development/
desa/publications/world-population-prospects-2015-revision.
html. AccessedMay 21, 2018.

26. Loader C. Local Regression and Likelihood. New York, NY:
Springer; 1999.

27. Simons E, Ferrari M, Fricks J, et al. Assessment of the 2010
global measles mortality reduction goal: results from a model
of surveillance data. Lancet. 2012;379(9832):2173–2178.

28. Boulianne N, De Serres G, Ratnam S, et al. Measles, mumps,
and rubella antibodies in children 5–6 years after
immunization: effect of vaccine type and age at vaccination.
Vaccine. 1995;13(16):1611–1616.

29. Fine PE. Herd immunity: history, theory, practice. Epidemiol
Rev. 1993;15(2):265–302.

30. Anderson RM,May RM. Infectious Diseases of Humans:
Dynamics and Control. New York, NY: Oxford University
Press; 1991.

31. Mossong J, Hens N, Jit M, et al. Social contacts and mixing
patterns relevant to the spread of infectious diseases. PLoS
Med. 2008;5(3):e74.

32. Klepac P, Caswell H. The stage-structured epidemic: linking
disease and demography with a multi-state matrix approach
model. Theor Ecol. 2011;4(3):301–319.

33. Grenfell BT, Anderson RM. The estimation of age-related rates
of infection from case notifications and serological data. J Hyg
(Lond). 1985;95(2):419–436.

34. Anderson RM,May RM. Age-related-changes in the rate of
disease transmission: implications for the design of vaccination
programs. J Hyg (Lond). 1985;94(3):365–436.

35. MossWJ, Griffin DE. Global measles elimination. Nat Rev
Microbiol. 2006;4(12):900–908.

36. Gay NJ, Hesketh LM,Morgan-Capner P, et al. Interpretation of
serological surveillance data for measles using mathematical
models: implications for vaccine strategy. Epidemiol Infect.
1995;115(1):139–156.

37. Vyse AJ, Gay NJ, Hesketh LM, et al. Interpreting serological
surveys using mixture models: the seroepidemiology of
measles, mumps and rubella in England andWales at the
beginning of the 21st century. Epidemiol Infect. 2006;134(6):
1303–1312.

38. World Health Organization Regional Office for Europe.
Guidance on Conducting Serosurveys in Support of Measles
and Rubella Elimination in theWHO European Region.
Copenhagen, Denmark: World Health Organization; 2013.
http://www.euro.who.int/__data/assets/pdf_file/0011/236648/
Guidance-on-conducting-serosurveys-in-support-of-measles-
and-rubella-elimination-in-the-WHO-European-Region.pdf.

39. Gay N, RamsayM, Cohen B, et al. The epidemiology of
measles in England andWales since the 1994 vaccination
campaign. Commun Dis Rep CDR Rev. 1997;7(2):R17–R21.

40. NigatuW, Samuel D, Cohen B, et al. Evaluation of a measles
vaccine campaign in Ethiopia using oral-fluid antibody
surveys. Vaccine. 2008;26(37):4769–4774.

41. KermackWO,McKendrick AG. A contribution to the
mathematical theory of epidemics. Proc R Soc Lond. 1927;
115(772):700–721.

42. GAVI, the Vaccine Alliance. Measles and measles-rubella
vaccine support. http://www.gavialliance.org/support/nvs/
rubella/. Accessed August 1, 2014.

43. Duclos P, Ward BJ. Measles vaccines: a review of adverse
events.Drug Saf. 1998;19(6):435–454.

44. TatemAJ, Garcia AJ, SnowRW, et al. Millennium development
health metrics: where doAfrica’s children and women of
childbearing age live? Popul Health Metr. 2013;11:11.

45. WorldPop. Madagascar 100m Population. http://www.
worldpop.org.uk/data/summary/?doi=10.5258/SOTON/
WP00535. AccessedMay 1, 2018.

46. Institut National de la Statistique Madagascar, ICFMacro.
Madagascar—Enquête Démographique et de Santé
2008–2009. Antananarivo, Madagascar: World Bank Group;
2013. http://microdata.worldbank.org/index.php/catalog/1435.

Am J Epidemiol. 2018;187(10):2219–2226

2226 Winter et al.

http://www.un.org/en/development/desa/publications/world-population-prospects-2015-revision.html
http://www.un.org/en/development/desa/publications/world-population-prospects-2015-revision.html
http://www.un.org/en/development/desa/publications/world-population-prospects-2015-revision.html
http://www.euro.who.int/__data/assets/pdf_file/0011/236648/Guidance-on-conducting-serosurveys-in-support-of-measles-and-rubella-elimination-in-the-WHO-European-Region.pdf?ua=1
http://www.euro.who.int/__data/assets/pdf_file/0011/236648/Guidance-on-conducting-serosurveys-in-support-of-measles-and-rubella-elimination-in-the-WHO-European-Region.pdf?ua=1
http://www.euro.who.int/__data/assets/pdf_file/0011/236648/Guidance-on-conducting-serosurveys-in-support-of-measles-and-rubella-elimination-in-the-WHO-European-Region.pdf?ua=1
http://www.gavialliance.org/support/nvs/rubella/
http://www.gavialliance.org/support/nvs/rubella/
http://www.worldpop.org.uk/data/summary/?doi=10.5258/SOTON/WP00535
http://www.worldpop.org.uk/data/summary/?doi=10.5258/SOTON/WP00535
http://www.worldpop.org.uk/data/summary/?doi=10.5258/SOTON/WP00535
http://www.euro.who.int/__data/assets/pdf_file/0011/236648/Guidance-on-conducting-serosurveys-in-support-of-measles-and-rubella-elimination-in-the-WHO-European-Region.pdf?ua=1

	Revealing Measles Outbreak Risk With a Nested Immunoglobulin G Serosurvey in Madagascar
	METHODS
	Data collection and testing protocol
	Data sample size
	Characterization of the data
	Estimates of proportion seropositive according to age
	Exploring the effect of measles SIA scenarios

	RESULTS
	Data characterization
	Age-specific measles susceptibility profiles
	The effect of measles SIA scenarios

	DISCUSSION
	ACKNOWLEDGMENTS
	REFERENCES


